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1. Introduction

This paper presents a set of three experimentsgtrip identify whether, in markets for
services, consumers are likely to stick to defaautitd achieve suboptimal outcomesy they

do this andwhat can be done about it. In order for consumers #p rbenefits from
competition, they have to be actively engaged iottspy the best deal that is available to
them. This is true both in the tautological sersa&t they are worse off if they go for a
suboptimal choice and in the less obvious sengefitinas may be under less competitive
pressure if they do so (Giulietti et al., 2005)slta stylized fact however that, in a number of
services markets where choice is possible, consun@emot switch service providers even
though the tariffs they are holding are suboptifdaimasb and Pollitt, 2005; OFT, 2008; DG
Sanco, 2010; Lunn, 2011); furthermore, when chomesmade, there is a question mark
about whether they are necessarily optimal (Josk2@@8; Wilson and Waddams Price,
2010). Relevant services markets include both dmeshave always been in the hands of the
private sector, such as bank account, mobile teleptand internet services, and ones that
have been opened up to competition in many cowtsiech as consumer electricity and gas
services, fixed telephony and multichannel TV seest Market models that have introduced
these and other deterrents to change supplier stlating switching costs have shown the
distortions that this produces for competition, dgample in terms of market entry and prices

(e.q., Klemperer, 1995; NERA, 2003).

Undoubtedly, financial switching costs can act agadial deterrent to changing services
supplier in some cases. Identifying the role ofedént kinds of switching costs can be hard
with field data, though important attempts haverbesde with survey data (Wilson and
Waddams Price, 2010) and very little switching, paned to the savings opportunities
available, is observed even in markets, such adJtKe retail electricity and gas markets,
where financial switching costs are minimal. Atteémpave been made to use survey data to
infer non-financial reasons for not switching: timde of complexity in the tariffs employed

and in the number of the tariffs employed has deghlighted (e.g., Lambrecht and Skiera,

! Vulnerable consumers (older, less educated ane miisadvantaged consumers) are likely to be edpecia
affected (see DG Sanco, 2009, for some across Ewagence).
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2006; OFT, 2008; Garrod et al., 2009; DG Sanco,92Q@@nn, 2011) and driven policy
recommendations (e.g., Joskow, 2008; Xavier andildfggs 2008; Ofgem, 2009, 2011,
Independent Commission on Banking, 2011). For examphas been brought as a good
reason for why the drive for liberalization of canser energy markets has halted in USA
(Joskow, 2008) and for envisaging requiring taritisoe simpler in the UK (Ofgem, 2011).
Carlin (2009), Gabaix and Laibson (2006), Spiedgl06) and Ellison and Ellison (2004)
provide models explaining how complexity and cormdosinducing strategies may be

desirable for firms.

The potential role of inattention in explaining spimal consumer outcomes has been
mentioned, but is, in comparison, somewhat undedfaret, we suspect that, as with the
inattentive agents of Sims (2003) and Reis (20@@ough perhaps not necessarily due to a
rational allocation of cognitive effort, real litene constrained consumers may simply not
pay attention to tasks regarding the choices ofices. Putting it simply, it may not be in
their minds in the way in which saving 20 cents aupermarket buying groceries’ ia. key

contribution of this paper is to build on this irion.

While survey data are insightful and importanthesytdirectly refer to real life choices, when
it comes to understand the psychological motivatidoehind behavioral choices, they
obviously suffer from potential limitatiolssuch a difficulty to draw clear conclusions

because of a range of alternative and undeclaretré forgetfulness and selectivity in

2 Using survey data, Giuletti and Waddams Price $2@0aimed lack of awareness did not play a big fiol
lack of switching in U.K. energy markets, wheraasing more recent survey data, Wilson and Waddaie P
(2010) could not reject that it did, though thewdence is not unequivocal on what did. Oftel (20@6ted
inertia/lack of interest and lack of awarenessligfraatives as two out of four reasons for not skitg supplier
in a survey on the telecoms market.

% As supermarket shopping becomes increasingly &ineoshopping experience with default consumer etssk
from previous purchases, supermarket shopping nagitably itself become more sensitive to inattamti
problems. There are a number of other models ofi@oéc behavior incorporating inattention, such amél
and Stein (1999), Hirshleifer and Teoh (2003), ®al{a011) and Woodford (2012); Della Vigna (2009)
contains a review of some of the implications. Tiseal interpretation of inattention is in termslatk of
consideration of some features of a product. Intitie could however be in relation to a whole task.

* Different studies are obviously affected by spediimitations to different degrees, depending @whthe
surveys are devised.

® For example, Coombs and Shaharudin (2011) crisizvey studies on the suboptimality of bankingises
supplier choices because of their inability to cohtfor enough alternative explanations. A key oeais that
surveys simply do not control enough for the pabsitihat, given their preferences, consumers meaygetting
a good deal. In a contingent valuation study wit® &lrvey data on electricity supply, Hartman etf{(E991)
find a significant status quo bias in terms ofedataluations.
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recall® the unconscious nature of many of the choicesphaple maké,and/or the need to
self-justify past choices towards those conductimg survey or indeed to engage in self-
deception to rationalize possibly suboptimal cheittet one has done in the pastspecific
problem lies with the fact that, if a significardarpof the suboptimality of consumer behavior
is because consumers do not pay attention, draatiegtion of survey responders to issues
they have not thought themselves of before maybadhe best way to identify the extent to
which inattention is a problem, as ex post ratimasions may then be unavoidable and
survey responses may underestimate the role aemtain. A further problem is that it is
difficult to see in most surveys whether, as sutgges the context of the number of binary
lotteries and of available US 401(k) retirementnpldy lyengar and Kamenica (2010), and
more broadly by Beshears et al. (2008), it is thgecthat complexity may interact with a
status quo bias, in the sense that consumers mégsddikely to want to take a decision if
faced with a more complex decision problem. Momgosesly, unless natural experiments are
possible or ex ante and ex post surveys have bees wWhen structural policy breaks have

taken place, it is difficult to test the effectspaflicy changes with field data.

Our paper addresses these issues by using anragpéai methodology. Our first goal is to
verify whether, in the absence of financial switching costs asidgithe stylized environment
of the U.K. electricity and gas markets as a berakmwe can identify a lack of switching
and suboptimal outcomes when switching does ta®epl The second goal is to get a better
understanding ofvhy suboptimal outcomes take place. We test the rotmofplexity, which

we decompose as complexity in the relationship betwprices and quantity (linear vs. non-

® King Li (2011) reviews evidence on selectivityriremory recall and presents an experiment this gaglace
significantly within just six weeks, if in a diffent setup.

" That there is a split between conscious, expkintwledge and subconscious, implicit knowledge iwedl
known stylized fact in psychology (e.g., Shanks &dJohn, 1994). Sub-thalamic brain activity takésce
when subjects stick with the default, whereas Hheiggd pre-frontal activity takes place when suctawdeis
overridden (Fleming et al., 2010), suggesting thétereas rejecting the default may require a counsceffort,
sticking with the default does not. Zizzo (2003pwha dissociation between learning to provide ogtiverbal
responses and learning to make the optimal beha\dbpices.

8 psychologists label the tendency for survey redpmto provide the responses that they see d@agthiem
in as good light as possible with the researchegssbcial desirability bias (e.g., Crowne and Madp1960;
Stober, 2001), which can be connected to the dé&sireceive respect (e.g., Ellingsen and Johanne2897)
and both self-image and self-deception as two dgieas of it (Paulhus, 1984).

° Cason et al. (2003) describes a market experio@ridering the implications of financial switchingsts for
market structure. Our experiment does not havenfiial switching costs but rather lets insufficiemitching
emerge endogenously from consumer decisions (orésito decide).
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linear tariffs), in the presence or absence of bngdsingle product vs. dual products tariffs),
and in the number of tariffS.We also test the role of consumer inattention bigably
developing a methodology used by Lei et al. (20f€d49ed on the presence of an alternative

task, and we consider two possible alternativestaskoss different treatments.

Learning why suboptimal choices take place helpaalseve the third goal, which is to test
the effectiveness of policies designed to improwascamer outcomes. We are able to
evaluate policies putting limits on the number dppde of tariffs such as the regulatory
constraints on complex tariffs recently proposedheyUK regulator Ofgem (2011). We also
test two nudge manipulations that may help outcom#blout reducing the consumer’s
freedom to choose. The first is a simple awarersssg manipulation by which subjects are
advised of the existence of a better tariff whezythave made a suboptimal choice. This can
be connected to Ofgem’s (2012) consideration & tut a ‘market cheapest deal’ warning
scheme, by which companies would be required wansumers of the existence of a better

deal in the market.

The second turns the power of defaults on its tgathaking it work to achieve better rather
than worse consumer outcomes: a ‘smart nudge’ @amd which automatically identifies
the best tariff and uses this as the default chdibés may be connected to the U.K. Prime
Minister David Cameron’s recent suggestion of fogcienergy companies to offer the
cheapest of their tariffs (BBC, 2012; Waddams, 201t, while these proposals are
company specific, our nudge would work in termshef best tarifin the market as opposed

to by a specific company.**

Our key finding is that tariff complexity and thember of tariffs matter, but that inattention

matters as well. Regulatory measures to reduce lexitypare likely, therefore, to be of only

% Kalayci and Potters (2011) have an interestingeergent where sellers choose product complexityeims

of number of attributes of an abstract product, ind some evidence of consumer exploitability, ubb
subject to consumers having to make decisions witth seconds; in an experiment again on product
complexity (with products modelled as abstracteladis) but no time constraints, Sitzia and Zizzel@®) find
some qualified (though only qualified) evidence aafnsumer exploitability. Unlike these experiments
consider tariff complexity, number of tariffs ancbguct bundling, and we employ tariffs mapped gmfra real
world markets. Also, in treatments with time coasits subjects do have anyway plenty of time tadie¢2
minutes), as verified against a control treatmeitiout such time constraint.

M The relationship between our proposal and Davith€@an’s suggestion will be discussed further intiac?.
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partial value. By using smart nudges and making gbeer of default work for instead

against consumer welfare, we can obtain optimal@ues around 85% of the timks.

The rest of the paper is structured as followsti8e@ provides some background on the
specific markets that our experiments use as madel on the existing evidence on
insufficient switching and suboptimal choices. 88t8 describes some common features of
the experiment. Sections 4, 5 and 6 are on Expetihe2 and 3 respectively. Section 7

provides a discussion and section 8 concludes.
2. The Institutional Background

The institutional setup on which we model our ekpents primarily is the UK electricity
and gas markets. These are mature markets whiehbdeen liberalized since 1996-1999 and
which are comparatively simple in terms of the pdthey offer (energy). They are also
comparatively transparent markets with a wide awdity of online search and switching
websites® These websites enable both the identificatiomefttest tariffs for any given level
of consumption and easy switching of service prevat the click of a mouse. One element
of complication is that tariffs can be either féectricity only, or for gas only, or they can be
dual tariffs bundling together both electricity agak; our experiment will focus on electricity
only and dual tariff$? As a further complication, the number of tariffisthe market is large:
as an illustration, when we collected data for emperiment, we found as many as 72
electricity and 80 dual tariffs in the London, Uéhergy market using an online webst&0%
of consumers found the number of available tarfé®fusing in a UK Ofgem regulator

survey (Ofgem, 2008).

Consumers tend to stick to their status quo in $evfrenergy supplier (NERA, 2003; Ofgem,
2009, 2011; Behavioural Insights Team, 2011): #uis as their default choice. For example,

only 18% of all respondents to a Ofgem consumevesuswitched electricity supplier in

12 A growing literature is emerging testing and dising nudging and optimal defaults in a numbertbgo
contexts: they include among others Choi et al080Thaler and Sunstein (2003, 2008), Carrolll.e2909),
O’Neill (2007), Kooreman and Prast (2007), Beslatral. (2006) and Downs et al. (2009).

13 Examples include http://www.which.co.uk/switch/Atpt//www.uswitch.com/, http://www.gocompare.com/
gas-and-electricity/ and http://www.confused.corafgectricity.

14 A positive correlation between switching electsi@nd gas has been found (Giuletti et al., 2005).

15 Ofgem (2012) contains estimates, as do earliee@ftetail market reviews.
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2009, and only 17% switched gas supplier (Ofgeni,020While 2009 was a year where
average prices fell slightly (by 6%), even in arygach as 2008 where average prices went
up considerably (by 37%) and so one would have ineglga push to shop around for better
deals, only 19% and 20% of gas and electricity asts respectively switched supplier
(Ofgem, 2010). In a recent U.K. energy market syraE=CC (2012) reports that only 5% of
consumers planned to switch in the next 12 montilk st 26% of consumers treating
switching as a possibility. While internet penetmtand so the access to search and
switching engines has increased with time, Jamasb Rollitt (2005) reported fairly
comparable switching figures of just 22% from dotiveand small commercial figures in

2002/20083.

Furthermore, when switching takes place, the ldsapest) tariff is often not chosen. Using
data from 2005 and 2000 surveys, Wilson and Waddme (2010) estimated that only 8 to
20% of consumers opted for the best tariff giveairttannual consumption levels. Only
around 2/3 of consumers stated that they felt twya better deal by switching suppliers in
2008 and 2009 (Ofgem, 2010).

While we model key stylized features from the Ul€atticity and gas markets, we believe
that the key issues that we identify and help axidr@re more general. Joskow (2008)
discusses the US experience with electricity matkedralization where again there is
evidence of consumers failing to switch supplieighwthe assumption of the consumers’
ability “to shop intelligently” being called intougstion (pp. 34-35) and being one source of
the apparent failure of US consumers to reap mectefits from liberalization. Jamasb and
Pollitt (2005) report and discuss limited consumswitching in all EU countries where
switching is possible, with the UK actually beirtgetlead with its 22%, and Nunez (2011)
notes the failure of ensuring effective competitolure to, among other things, the lack of
transparency and problems with price setting. AnEE Sanco study found that electricity
switching rates are above 10% in only seven EU tm#) with just 32% of EU consumers
having compared offers from different suppliers avith average savings to be obtained €

100 per year (DG Sanco, 2010).



Going beyond the energy sector, other servicesoedtave similar recognized stylized
features: the existence of a default option, thieqiaal complexity of the associated tariffs
and costs, the limited switching and a significiékglinood of suboptimal switching. Ofcom
(2009) reports switching rates roughly equivalentiawer than for electricity and gas in
relation to bank account, internet, fixed and mobdlephony services, and multichannel TV
services. In a study on bank users, OFT (2008)ddbtat 47% of surveyed consumers had
not even considered switching bank account. Intemnal evidence on limited switching in
telecommunications services is discussed by Xamer Ypsilanti (2008) and Lunn (2011).
This is notwithstanding the fact that online seagcigines may also be available for such

services-
3. Experimental Design: Some Common Features

The experiments were run at the University of BEasglia in 2011 and 2012. Before the
beginning of the experiment, subjects had to reatructions and complete a questionnaire
with the purpose of checking they had understoodtwiie tasks involved. If they had any
doubts they could ask for clarification. Once qimestaires were collected and doubts
clarified the experiment started. All experimentgdlved individual choices where subjects
had repeated opportunities to choose among a satiféé. The experimental instructions and

details on all tariff tasks are in an online append

The tariffs. In February 2011, we collected all the electyi@hd gas tariffs available in the
UK market as available to a London consumer usieg “‘Which?” website. The tariffs
ranged from simple ones with one tier (i.e., al@mgarginal price) to more complicated ones
with two tiers and a ceiling (i.e. a marginal prexed, once consumption exceeds a ceiling, a
second and lower marginal prices) or a standinggehand one tier (i.e. a fixed price plus a
single marginal price). The tariffs in our experimhavere partly real tariffs collected in this
way and partly derived by us using the same stra@s the real onedefived tariffs in what
follows). The process of selection and derivatidnalb tariffs, as well as the full list, is

described in detail in an online appendix. We erygdb144 tariffs. Two thirds of the tariffs

% For example, in relation to internet servicesptiroadband-comparison.net/ is a price comparatoSA,
http://www.comparebroadband.com.au/ is one for #alist and http://www.uswitch.com/broadband/ is dme
the UK.



were real and one third was derived. The realfsawire half for a single service (these are
electricity tariffs) and the other half were duatiffs (both gas and electricity). The derived
tariffs were all dual ones. Subjects were onld tiblat the tariffs related either to one good or

to two goods (labeled as good A and good B). Taldbows a sample of tariffs used.

The tariff tasks. The tasks were 36 overall. At the beginning afhetask, in most treatments,

subjects were assigned a default tariff, the detdilwvhich will be discussed later. They could
either stick to the default or look at other aualéatariffs and then decide which one they
wanted. After choosing the tariff, they selectedvhauch they wanted to consume out of 5

possible consumption levels: 1000, 2000, 3000, 40@D5000

The consumption level determined the revenue wthiecost depended on the tariff chosen
and amount consumed. The revenue was maximized thikesptimal consumption level was
40008 After subjects chose their consumption, they wietd their earnings, which was
determined as revenue minus cost. At the end okexperiment, one of the 36 tasks was
chosen randomly and subjects were paid accorditigetehoice made in that taSkAverage

earnings were around 20 pounds.

The default tariff. The default tariff was always a derived tarifsgmed in such a way that it
was never the best to maximize earnings (excepivantreatments, discussed later). The

difference between the default tariff and the bastf was usually at least around 6 pounds.

Nature of the tariffs employed in each task. The order of the 36 tasks was randomized. Half
of them involved 4 tariffs and the other half 24r Both sets of tasks, 1/3 of the tariffs were
single tariffs (all real), 1/3 real dual ones a8 derived dual ones. For each of this subset of
tasks, 2 tasks involved a choice among all simaidf¢ (only one tier), 2 tasks a choice

among all complex tariffs (two tiers plus ceiliray,standing charge plus one tier), and 4 tasks

7 Actual consumers of course do not have pre-defirsible levels of consumption. By having onlyegls,

we wished to keep things as simple as possibléitngart of the experiment, however, bearing in driimat

actual consumers do have past consumption as a tufdture consumption, and so the level of corion is

not that much of an issue.

'8 The average yearly household electricity consumngiti the UK is around 4000 kwh. The gas consumpgso
approximately 4 times this amount; in the experitnese scaled this down by a factor of 4 for simipjic

¥ In all treatments, subjects could use a calculatothe computer screen to help them with theiriag®of

tariffs and consumption levels. The calculator Haldoxes for inputting consumption levels and thkies of

tier 1, tier 2, ceiling and standing charge of tdnéff they wanted to check the cost of.
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a choice among a mix of tariffs, with half of tharitfs being simple and the other half

complex®®

Number of subjects. We aimed for at least 30 subjects per treatmerdaich of the three

experiments. There were 460 subjects ovétall.
4. Experiment 1 — Product Complexity

Experiment 1 tests for the effect of complexityn-terms of tariff complexity, number of
tariffs and bundled nature of products - on conguougcomes. It also acts as a control for
key features present in the other experiments:ifsgaty, the effect of having a search
engine, of having two minutes to make a decisioth @nhaving a default tariff as we have
implemented it. It has 5 treatments (DE, mDE, D, BRd F). Figure 1 shows the

relationships between these treatments and thdbe iother experiments.
4.1 The Treatments

Treatment DE (Default tariff and search Engine). This treatment had a default tariff and a
search engine. In each task subjects were showdefiagilt tariff in a first screen; from this

screen subjects could either stick to the defaulfftor go to a second screen where they
could see all the tariffs involved with the defatatiff highlighted (see Figure 3). For each
task, if subjects did not make a choice within tmoutes, they were assigned the default
tariff.?> When deciding the tariff to select, subjects couseé a search engine, which was a
stylized version of internet search engines: subjpoovided the default tariff details and a
consumption level; the search engine then gaverthiee list of tariffs with the difference in

earnings relative to the default tariff.

Treatment mDE (mild Default tariff and search Engine). This treatment also had the search

engine, but the default tariff was implemented mmilly. Specifically, there was no first

% These four tasks differed depending on the contioimaf default tariff (simple or complex) and beatiff
(again, simple or complex).

“ There were 30 subjects in the mDE, DE, DEAI arel Experiment 3 treatments (described below), and 50
subjects in the others.

#2Based on other treatments without this time cute# knew that subjects take around 1 minute toerak
choice. We then fixed the 2 minutes cutoff so thatare comfortable that any difference in behag@not be
attributed to subjects simply not having the timeake a decision.
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screen with just the default tariff; rather, in ledask we simply showed subjects the screen

with all tariffs, with the default one highlighted.

Treatment D (Default tariff). This is the same as treatment DE but does nokemgnt a

search engine. It therefore allows us to controtlie effect of having a search engine.

Treatment DF (Default tariff and Forced choice). This treatment is the same as treatment D
but removes another feature of the market servizasiely, the idea that, if you do not make
a decision, you are simply stuck with the defdultthe previous treatments subjects that did
not make a choice within 2 minutes would stick auatically to the default. Treatment DF

does not allow for this: subjects do not go ahe#d they choose a tariff.

Treatment F (Forced choice). This treatment makes a final step relative toDRetreatment:

unlike the DF treatment, there is no default tariff
4.2 Results
4.2.1 Overview

Subjects can end up in two ways with a less gooeal than if they had chosen the best
tariff: either by sticking with the default tarifin treatments other than F) or by switching to

another suboptimal tariff. Define thiefault rate as the percentage of times subjects stick to
the default tariff, and thsuboptimal switching rate as the percentage of times subjects switch
to a suboptimal tariff. In Experiment 1 (and 2,cdissed later), thsuboptimal outcome rate

is then defined as the sum of the default ratesaaptimal switching rate.

Table 2 presents default rates, suboptimal switchates and suboptimal choices for the 5
treatments. In treatment DE the default rate isiaiol4%. Have a milder default does not

make a difference (Mann-Whitney p = 0.89).

Result 1 The search engine is effective in reducing coreunertia and this translates into

more optimal consumer outcomes.

Z All p values in this paper are two tailed. Forkillariate tests, unless specified otherwise, @stsun at the
subject level to control for any within-subject nedependence of observations. In the DE and mB&nments,
the search engine was used 25% and 32% of the taspsctively.
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Support. While making no difference in terms of suboptimalitshing rate (p = 0.28),
having a search engine (DE treatment) clearly reslube default rate relative to the D

treatment (p =0.004). Correspondingly, the subagitimutcome rate goes down (p = 0.002).

Result 2 When subjects are forced to take action, ined@duces substantially and this
implies more optimal outcomes. Removing a tariffrked as default does not further change

the proportion of optimal outcomes.

Support. The default rate in the DF treatment is signifiafdwer than in the D treatment

(p < 0.001). With an unchanged suboptimal switchiaitg (p = 0.57), this leads to a lower
suboptimal outcome rate (p = 0.0002). Converseapld 2 shows that this rate is basically
identical between the DF and the F treatment (p68)Q though subjects who would have

stuck with the default rate are replaced by subjatto simply make a wrong choité.
4.2.2 The Role of Complexity
Table 2 also reports averages of our 3 key varsaioledifferent dimensions of complexity.

Result 3.Product bundling has a statistically significaffiéet of about 8% on the suboptimal

outcome rate, marginally affecting both defaulerand suboptimal switching rate.

Support. In Wilcoxon tests, the suboptimal outcome ratesignificantly higher for dual
markets than for single product orféghe effects on default and suboptimal switchirtgsa
are small enough not to be always significant egttnent, though they are so in the pooled

data?®’

% In the F treatment there is not, by definitiordedault tariff as such. We can however check ferlikelihood
that the tariff that is the default tariff in th¢her treatments is chosen, so as to control foridlwesyncratic
preference for such tariff, i.e. for the extenttthia the other treatments, the default tariff lisen not because
it is the default. This likelihood is listed in Tlel2 as the ‘default rate’ for the F treatmentuiins out that it is
only 3% on average. In Table 2 we classify any othéoptimal choice under the heading of ‘suboptima
switching rate’; this is purely for comparabilityittv the other treatments, as obviously there isiefult tariff

to switch from as such, and is higher than the ptib@l switching rate in the DF treatment (p = @p1

% For task simplicity, we constructed all tasks ticts a way that the optimal tariff was such for vevar level

of consumption. That said, we also checked the dat@onsumption level; on average subjects chodose t
optimal consumption level 75% of the times.

% Wilcoxon p = 0.004, 0.002, < 0.001, = 0.004, Oabitl p<0.001 respectively for DE, mDE, D, DF, F &mel
pooled data.

" For the suboptimal switching rate, Wilcoxon p £7.0.008, 0.26, 0.03, 0.02 and < 0.001 for treatri,
mDE, D, DF, F and pooled data respectively. Fordiault rate, Wilcoxon p = 0.01, 0.14, < 0.001).59, 0.06
and < 0.001 for treatment DE, mDE, D, DF, F andigdalata respectively.
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Result 4.Having a mix of tariffs of different complexity sufficient to increase suboptimal
outcomes by about 14%, going up to 22% when affsaare complex. The result is driven

by suboptimal switches rather than by default cbsic

Support. Table 2 shows the average performance of subgectsrding to tariff complexity.
Differences in suboptimal outcome rates are sigaifi between the simple and mixed tariffs
tasks on the one side, and the complex tariffshenother side, in the pooled data and for
most treatments individual’? While not unequivocal, the result is also supmbiy the
regression analysis in an online appendix. It i9dly driven by more switches being
suboptima® rather than by changes in default rates, thoughlatter are significant when
comparing simple and complex tariffs in the pootleda (Wilcoxon p = 0.01), though not

when comparing simple and mixed tariffs (Wilcoxor p.25)>°

Result 5.Having a higher number of tariffs increases sulmatiswitching and consequently

suboptimal outcomes by around 23%. This is notlp@@andom choice effect.

Support. From a glance at Table 2, the default rate isually unchanged (23%) between 4

tariffs and 24 tariffs tasks, whereas the subogtswatching rate jumps up and consequently
the suboptimal outcome rate goes up by around 28%egxon p < 0.001 for all treatments

and the pooled data). This pattern cannot be exgudby observing that, if subjects choose at
random, they should go for the best tariffs 1/& lesder the 24 tariffs than they do under 4
tariffs (a random choice effect). If this were itese, we would observe the default rate too
should go down when there are 24 tariffs, whichdeeot observe. More broadly, we do not

observe a random choice of tariffs.

4.2.3 Other Results

2 |n relation to mixed vs. simple tariffs, Wilcoxgn= < 0.001, 0.02, < 0.001, < 0.001, < 0.001 ar@091 for
treatment DE, mDE, D, DF, F and pooled data resgygt In relation to complex vs. simple tariffs,iMébxon
p = 0.001, 0.07, < 0.001, < 0.001, < 0.001land QIrdy treatment DE, mDE, D, DF, F and pooled data
respectively.

#p <0.001 in all treatments and in the pooled diaacomplex (mixed) tariffs vs. simple tariffs, @pt for
treatment mDE, where p = 0.15 (0.004, respectivaty) DE for mixed vs simple (p = 0.002).

39 In relation to mixed vs. simple tariffs, Wilcoxgn= 0.07, 0.38, 0.68, 0.33, 0.96 and 0.25 for meat DE,
mDE, D, DF, F and pooled data respectively. Intretato complex vs. simple tariffs, Wilcoxon p =08, 0.41,
0.22, 0.09, 0.79 and 0.01 for treatment DE, mDEDB, F and pooled data respectively.

3 We can test this at the level of individual chsid® noting that, if subjects simply randomizedrticBoices
across outcomes, each tariff should be chosentiedfmes in 4 tariffs tasks and 1/24 of the tirme24 tariffs
tasks. Both hypotheses are rejected (p < 0.00%keastaf proportions).
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Earnings. Subjects sticking to the default tariff gained86 points on average. In contrast,
on average switchers earned 78804 points (oveufigsomore) if they got the best tariff and
65800 points (around 3 pounds more) if they did. i8witching was therefore, broadly
speaking, a winning strategy, even if the bestfftavas not chosen; ‘super suboptimal’
choices, i.e. switching choices to tariffs worsarththe default, were fe®# An online

appendix contains a table with earnings by treatrfeerall three experiments.

Complexity of default tariff and best tariff. By looking at mixed tariffs tasks, we can isolate
whether having a complex default tariff or besiftaas complex makes a difference. The
only consistent effect we find is one of complexdf the best tariff on the suboptimal
switching rates (and, consequently, the suboptoudome rate): if the best tariff is complex,
it is harder to spot it and as a result the subwgdtiswitching rate more than doubles from
19% to 45% on average (Wilcoxon p < 0.001). Asrgdancrease applies also to treatments

with a search engine, this suggests that the seagine is insufficiently used.

Learning and use of search engine. Table 2, panel (d), compares performance initeeHalf
and the ¥ half of the experimefit Unsurprisingly given the picture on earnings, deéault
rate tends to fall in all treatments, but remailose to 36% in treatment D in the lack of a
search engine, whereas for the DE treatment it g@ésw 10%. The fall in suboptimal
switching rate is less pronounced, with a minimumaloout 1 switch out of 4 remaining sub-
optimal in all treatments. On average 25% and 32%ubjects used the search engine in
treatment DE and mDE, respectively, with little imiion between first half and second half

of each experiment (see an online appendix for rdetails).
5. Experiment 2 — Inattention to the Task

Experiment 2 considers the impact of inattentiorthi® task on consumer behavior. This is
very difficult in an experimental setting becaukere is a natural bias that subjects have in

coming to the lab tao something; this is different from households not paying mtien to

32 0nly 3% of switches were ‘super suboptimal’ ireiffs mixes, and only 4% in 24 tariffs mixes.

3 n the DE (MDE) treatment, the suboptimal switghiates are 0.16 (0.27) and 0.46 (0.42) with sinaple
complex best tariffs, respectively (Wilcoxon p €01 and p =0.03 respectively).

% The regression analysis in the online appendixrotnfor experimental period. The online appendiso
provides figures on how performance evolved onriofdéby period basis for all three experiments.
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specific tasks, such as choices of services, bedaisnot part of their weekly or monthly or
yearly routines. All treatments are identical te treatment DE from Experiment 1 except for
the following. Our first treatment (DEAI) adds alteanative task for subjects to engage in:
specifically, a second computer screen where stshgam browse the internet, check email or
Facebook, and the like. Our second treatment (Ddi#g has an alternative (unincentivized)
task, but now an unpleasant one employed in tHesffmait experiment literature (e.g., Abeler
et al., 2011) to measure psychologically costly effort, counting 1s in a matrix of Os and
1s. Our third treatment (DEAD) primes subjects &y pttention to this alternative task, by
having this alternative screen on the first screéneach task. Figure 1 shows the

relationships between Experiment 2 and the others.
5.1 The Treatments

DEAI (Default with search Engine and Alternative I nternet task) treatment. In this control

treatment, subjects had the choice either to freetf/the web or to pay attention to the tariff
tasks on another screen. In one computer scregrctudd browse the web; in the other one
they could perform the tariff tasks. If they didtrmoake any active choice of tariff in any
period within two minutes, as in the DE (or mDEgatments the default tariff was selected

for them; they were then still required to seléetit consumption level.

DEA (Default with search Engine and Alternative task) treatment. In this other control
treatment, subjects again had two screens in wbhem. In one they could perform the
tariff tasks. In the other, they could perform auting task consisting in counting the 1s in
0-1 matrices (see Figure 4). This is a task deeomgmeasant enough in the real effort
literature (as in Abeler et al., 2011) as to bestered a good measure of real effort. In our
experiment, and as made clear in the instructibngas also entirely unincentivized, which
means that subjects should have ignored the tatKomused entirely on the tariff tasks, on
which their earnings depended exclusively. By cammgaperformance in the DEAI and the
DEA treatment, we can verify whether the nature¢hef alternative task — and the degree it

may be pleasant — matters for our results.
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DEAD (Default with search Engine and Alternative Default task) treatment. This is the key
treatment of experiment 2. We employed the samatoutask as in DEA, but this was now
placed on the first screen of each task (see Figur®n the same screen subjects also saw
the default tariff and so, if they wished, they lkkbohoose this tariff in this screen and move
straight to the consumption page. Alternativelyytbeuld opt to see all the tariffs involved in

the task and select the tariff of their choice sisall

Using the language of Zizzo (2010), our experimemanipulation deliberately employs a
purely cognitive experimenter demand effect as an experimentalttoohake subjects pay
attention as a default to the counting t3SWe would argue that, even with this purely
cognitive experimenter demand, the tariffs taskkisly to be more salient in the experiment
than going to a switching website and changing gnéeariffs can ever be for real world
households. As a result, our inattention manipaoiteis likely to simply providéower bounds

on the kind of effects that inattention may prodircthe real world. The comparison between
performance in the DEA and the DEAD treatments tdlespecially useful in isolating this
effect as the alternative task is the same inwloetteatments. As a result, a preference for the
alternative task would not be able to explain atffekntial performance between the two

treatments.

In further treatments in Experiment 3, we addrbsspotential criticism that subjects may not
be inattentive as a result of a purely cognitivpeimenter demand effect, but rather may
simply be wanting to do what they see that the expnter wants them to do. This would be
a form ofsocial experimenter demand effect (Zizzo, 2010), that wdad incompatible with

our inattention interpretation -. To anticipate @onclusion from section 6.2, Experiment 3

will allow us to reject this interpretatiofi.

% Again in the language of that paper, this is akim legitimatemagnifying glass use of experimenter demand
effects: namely, one that employs demand effecianaartificial tool to replicate in the laboratomyal world
conditions that would otherwise not be parallelkeghurely cognitive experimenter demand effect edab the
cognitive process by which subjects make sensenafrdamiliar laboratory decision environment, andhis
case can be seen to underpin treating the coutaslgas a default. It doemt involve a desire to do what is
perceived as what an experimenter wishes them,takich we discuss next.

% Additional evidence against this interpretatioraiso available. During Experiment 2 (and in Expenit 3)
we found it useful to add a social desirability sfiennaire at the end of the experiment, which ban
interpreted as a measure of sensitivity to sociabsure (Stéber, 2001) and has been found as eapébl
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5.2 Results
5.2.1 The Role of Inattention

Table 3 and Figure 6 present default rates, sutmapswitching rates and suboptimal choices

for the 3 treatments of Experiment 2.

Result 6 The default rate and suboptimal switching rasesl consequently the suboptimal
outcome rate, is not different between the DEAI tredDEA treatments. There is no support

for the nature of the alternative task being défer

Support. Table 3 shows that in both cases suboptimal owtcmates are about 50% (Mann-
Whitney p = 0.99), roughly equally split betweenfaidt choice rate and suboptimal

switching rate (respectively Mann-Whitney p = Oaf&l 0.49).

Result 7. The default choice rate is significantly higherthe DEAD than in the DEA
treatment, and three times as large as in DE. @wroptimal outcomes go up by 20% in

the DEAD treatment relative to DE. Inattention rasdt

Support. Tables 2 and 3 show that that the default ch@tejumps up to 46% in the DEAD
treatment (Mann-Whitney p < 0.001 and 0.03 relatveDE and DEA). The suboptimal
switching rate is value is lower in DEAD though th#ect is marginal or insignificant
(Mann-Whitney p = 0.09 and 0.002 respectively re¢ato DEA and DE). Overall, 63% of
outcomes were suboptimal in DEAD, against 43% inddH 50% in DEA (Mann-Whitney p
= 0.05 and 0.08 relative to DEA and DE). That tHeAD treatment has higher default rates
and suboptimal outcome rates than DE is also cuoefir by the regression analysis in the
online appendix. The different default rate betw&HAD and DEA can be interpreted in
terms of inattention. Further support for the iptetation of the worse performance in DEAD

in terms of inattention is provided by Result 8.

Result 8 In the DEAD treatment subjects pay less attentthe tariffs task than in the
DEA treatment, and there is a strong correlatiotween engagement with the alternative

task and higher default rate.

predicting behavior (Zizzo and Fleming, 2011). Rsgion analysis on the default rate describedearptiline
appendix shows that all of the key effects desdribelow survive controlling for social desirability

17



Support. In the DEA and DEAD treatments we have a measfirengagement with the
alternative task, specifically the percentage ofe8 each subject has played the counting
task. Subjects do 164 counting tasks on averagieeilDEAD treatment, vs. 51 in the DEA
treatment (Mann-Whitney p < 0.00%)In the DEAD treatment the two variables are sthpng
correlated, unlike in the DEA treatment (Spearpan0.56, p < 0.001, in DEAD, vs. 0.17, p
= 0.24 in DEA).

5.2.2 The Role of Complexity
Result 9 Product bundling no longer matters when inattemto the task is a problem.

Support. As shown by Table 3, the 8% difference in suboptioutcome rate with product
bundling found in Experiment 1 (Result 3) is almosthanged with DEAI (Wilcoxon p =
0.10) but reduces to just 3% in DEA (Wilcoxon @0:601) and disappears entirely in the
DEAD treatment (Wilcoxon p = 0.79).

Result 1Q There is again a tariff complexity effect driverainly by suboptimal switches, but

this appears smaller when inattention is a problem.

Support. Table 3 shows that, under DEAD, the Result 4céfezes are roughly halved, with
an increase in suboptimal outcomes of 7% with mitagiffs and 10% with all complex
tariffs, relative to having all simple tariffs (Vddxon p = 0.09 and 0.09, respectively). The

effects in DEA and DEAI are of intermediate sf?e.

Result 11 There is again a tariffs number effect driven bypaptimal switching, and

consequently the suboptimal outcome rates by ar@a8ee

Support. As per Table 3, Result 5 on the tariffs number affe replicated quite robustly.

Default rates are virtually unchanged with 24 farifout suboptimal switching rates and

3" The proportion of subjects that played the countask at least once is also greater in the DEA@tment
(Mann-Whitney, p < 0.001).

% For the suboptimal switching rate, Wilcoxon p 8®and 0.002 (all complex vs. all simple tariffs)de.005
and 0.001 (mixed vs. all simple tariffs) for treatms DEA and DEAI respectively; for the defaulergt = 0.09
and 0.38 (all complex vs. all simple tariffs) an8and 0.45 (mixed vs. all simple tariffs) foratments DEA
and DEAI respectively.
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consequently suboptimal outcome rates go up suitetgrin all treatments, including DEAD

(Wilcoxon p < 0.001 in all cased).

5.2.3 Other Results

The results on earnings and on the complexity ¢dudeand best tariffs from Experiment 1
are replicated in Experiment*2Table 3, panel (d), compares performance in tis¢ fialf
and the ¥ half of the experiment. As in Experiment 1, thd fa default rate is more
pronounced than the fall in suboptimal switchingg ravhich remains virtually unchanged in
the DEAD treatment. However, even in th¥ Balf of the experiment some 35% of the
subjects stick to the default in the DEAD treatmenith the inattention problem basically
offsetting the beneficial effect of the search eegih moving from the treatment without (D)
to the treatment with search engine (DE; see seédti®.3). Subjects used the search engine in
16%, 28% and 24% of the times in the DEAD, DEAI dbBA treatment respectively.
Worryingly, even in the ¥ half of the experiment only 18% of the subjectsduthe search
engine in the DEAD treatment. If many subjects dopay attention to the tariffs task in the

first place, the scope for the search engine isontsly more limited'*
6. Experiment 3 — The Nudges

Experiment 3 has two objectives, using the DEA tnedDEAD treatments from Experiment
2 as the benchmark. First, it aims to test thecefd® two nudges versions of which could be
implemented by policy makers to obtain more consupmimal outcomes. Second, as
commented in section 5.1, it aims to test the pretation of the DEAD treatment results in
terms of subjects simply wanting to do what they &t the experimenter wants them to do,

a form ofsocial experimenter demand effect.

%9 An exercise to check the non-randomness of choicesre did for Result 5, would yield the same onrte.

“0 Earnings were 55790, 66551 and 78838 points onageefor subjects who stuck with the default tariff
switched suboptimally or switched optimally. Comsidg the mixed tariff tasks, the proportion of sptmal
switches was again roughly twice as large if thetkariff was complex: e.g. 0.238 vs. 0.120 in DEAD
(Wilcoxon p < 0.001).

“1 The proportion of times subjects engage in thenting task did decrease as the experiment progigfsen
43% to 21lin the DEAD. For DEA and DEAI, we do navk that information because subjects played on
separate screens so the counting tasks and tariffds cannot be linked.
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A warning nudge is one where, at the end of each of the 36 taskgests who achieved a
suboptimal outcome were given a message that iy bave earned more money had they
chosen a different tariff. This nudge could potaihti be useful for policy, since policy
makers could place as a requirement for compaaispdcify in energy bills that better tariffs
could be available, and indeed Ofgem (2012) is idansg trialing this out in the U.K.
energy market. The nudge also helps us test forstdmal experimenter demand effect
interpretation: if subjects felt that they were goged not to focus on the tariffs task because
this was not what we wanted of them, by tellingnththat they could have earned more
money by choosing another tariff, and indeed tgltimem repeatedly and insistently that this
was the case if they kept ignoring the tariffs task made clear that this was not what we
wanted at all. In this case in the DEAD treatmeatshiould expect the default tariff rate to be

comparable to that of the DE treatment.

A default nudge is one where the best tariff is selected automifitices the best tariff.

Subjects are not told that this is the case andstdirswitch to a different tariff if they so

wish. The inattention problem is solved by not iiegg subjects to be attentive for achieving
better outcomes. The intuition is that, outside |di®ratory, if the policy makers were to
identify a likely best tariff based on either perabor aggregate information (e.g. individual
past consumption), and review this at intervalss thould enable better outcomes while
enabling consumers who have a different preferéacehoose which tariff they actually
prefer. Inside the laboratory, the welfare analysi®bviously more straightforward as the

best tariff is always such for all subjects.
Figure 1 shows the relationships between ExperifBemtd the others.
6.1 The Treatments

WDEAD treatment (Warning Nudge with Default, search Engine and Alternative Default
task). This treatment is identical to the DEAD treatm@md so with a prominent alternative
task: Figure 5) with the only difference that weyde warning nudges whenever subjects

make a suboptimal choice.
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WDEA treatment (Warning Nudge with Default search Engine and Alternative task). This
treatment is identical to the DEA treatment (andwsth an alternative task on a different
screen: Figure 4) with the only difference thatpvevide warning nudges whenever subjects

make a suboptimal choice.

BDEAD treatment (Best Default with search Engine and Alternative Default task). This
treatment is identical to the DEAD treatment wiile bnly difference that the default tariff is

now the best one.

BDEA treatment (Best Default with search Engine and Alternative task). This treatment is
identical to the DEA treatment with the only di#ace that the default tariff is now the best

one.
6.2 Results
6.2.1 Overview

Table 4 and Figure 7 describe the consumer perfmean Experiment 3. In BDEA and
BDEAD, the suboptimal outcome rate now coincidethwine suboptimal switching rate as

sticking to the default tariff is optimal.

Result 12 When inattention was a problem, providing a wagmudge did not help. There is
no evidence for a social experimenter demand effiesing the worse performance by

subjects in the DEAD treatment.

Support. Table 4 points to a fall in default rate (Mann-¥kby p = 0.063) and consequently
suboptimal outcome rate in WDEA relative to DEA aWhitney p = 0.015* WDEAD's
default rate however is not statistically signifidgt different than DEAD’s default rate
(Mann-Whitney p = 0.48), and as the suboptimal dvititg rate is also unchanged (Mann-
Whitney p = 0.42) this leads to six subjects outenf still having suboptimal outcome rates
in both treatments (Mann-Whitney p = 0.73). Defaate and suboptimal outcome rates are
however clearly higher than in the DE treatment fM&Vhitney p = 0.001 and 0.03,

respectively), a fact confirmed by the online rsgren analysis. Subjects, therefore, do not

*2 The suboptimal switching rate is virtually unchadgMann-Whitney p = 0.64).
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focus on the prominent counting task because thieak they are told not to look at the tariffs
task, for even when it is highlighted to them agamd again that they are making wrong

choices, they do not change their behafor.
Result 13 A default nudge is effective in achieving bettensumer outcomes.

Support. Table 4 shows that, with a default nudge, jusiuad 15% of outcomes is
suboptimal, with the large majority of subjectsckitng to the default. The suboptimal
outcome rate in BDEAD are significantly lower them DEAD, WDEAD or DE (Mann-
Whitney p< 0.001 in all cases), and those in BDEA are sigaiftly lower than in DEA,
WDEA or DE (Mann-Whitney p <0.001 in all cases).isTlis confirmed by the online
regression analysis. No other treatment acrosthede experiments comes as close to an

optimal outcome as these treatments.
6.2.2 The Role of Complexity

We first consider the effect of complexity in WDEA&hd WDEA, and then move on to
BDEAD and BDEA.

Result 14 In the presence of a nudge warning, product bogdhatters only marginally

when inattention to the task is a problem.

Support. In WDEA, there is a 7% increase in suboptimatounte rate with product bundling
roughly in line with DEA and Experiment 1 (Wilcoxgn= 0.02). The WDEAD there is 5%
increase, a small effect just enough to achieveagyimal significance level (Wilcoxon p =

0.06).

Result 15 In the presence of a nudge warning, there isnagaariff complexity effect driven

mainly by suboptimal switches, and again this iglte&nwhen inattention is a problem.

Support. This result simply replicates Result 10. In WDEAIDe increase in suboptimal

outcomes is only 3% and 9% in tasks with mixedfsaand in tasks with all complex tariffs

3 One could argue that, in a social experimenterateheffect interpretation of the Jorominent alteineatask,

the existence of repeated and insistent warningaldtbe especially effective in thé&®half of the experiment,
when subjects not attending to the tariffs tasd héve received a number of them. However, as disl
below in section 6.2.3, there is no evidence «f.thi
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respectively, in comparison to the case of all $ntpriffs (Wilcoxon p = 0.42 and 0.06,

respectively). The corresponding effects in WDEA iaistead 6% and 16%%.

Result 16 In the presence of a hudge warning, there iag#ariffs number effect driven by
suboptimal switching, and consequently an incré@adbke suboptimal outcome rate by 14%
(in the WDEAD treatment) or 22% (WDEA treatment)the number of tariffs goes from 4
to 24.

Support. As per Table 4, Results 5 and 11 on the tariffisibper effect are again replicated
fairly robustly. Default rates are similar with 24riffs, but suboptimal switching rates and
consequently suboptimal outcome rates go up suimtgnn both WDEA and WDEAD
(Wilcoxon p < 0.001 and p = 0.003 respectivéfy).

Result 17 With a nudge default, there is no effect of pmidbundling or of tariff

complexity, and at most only a small effect of thenber of tariffs.

Support. Table 4 shows that suboptimal switching/outcoateg are virtually identical with
product bundling in both BDEAD and BDEA. There i3&% effect in moving from all
simple to all complex tariff§ There is a statistically significant effect in BBE in moving
from 4 to 24 tariffs (Wilcoxon p = 0.004), but aaihnone (6%) and not replicated in BDEA
(2%, Wilcoxon p = 0.53).

6.2.3 Other Results

The results on earnings and on the irrelevancenefcomplexity of default tariffs from
Experiments 1 and 2 are replicated in Experimett/& in the earlier experiments, there is

an effect by which, if the best tariff is simpleanmix of tariffs, this helped subjects, but, in

* For the suboptimal switching rate, Wilcoxon p 8@(all complex vs. all simple tariffs) and 0.02iXed vs.
all simple tariffs) for WDEAD; p = 0.06 (all corfgx vs. all simple tariffs) and 0.12 (mixed vs. simple
tariffs) for WDEA. For the default rate Wilcoxon50.58 (all complex vs. all simple tariffs) and D.@nixed vs.
all simple tariffs) for WDEAD; p = 0.24 (all complers. all simple tariffs) and 0.36 (mixed vs. athple tariffs)
for WDEA

“5 An exercise to check the non-randomness of choisesre did for Result 5, would yield the same onrte.

“ For the suboptimal switching rate, Wilcoxon p 0and 0.29 (all complex vs. all simple tariffs)dah 13
and 0.16 (mixed vs. all simple tariffs) for treamse BDEAD and BDEA respectively; for the defaulterap =
0.07 and 0.29 (all complex vs. all simple tarifés)d 0.09 and 0.16 (mixed vs. all simple tariffs) teatments
BDEAD and BDEA respectively.

4" Earnings were 55759, 65306 and 78613 points orageefor subjects who stuck with a suboptimal diéfau
tariff, switched suboptimally or ended with the biesiff.
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the light of the power of the nudge default, instbase the suboptimal outcome rate goes

down by just 6-8942

Table 4, panel (d), compares performance in ttst fialf and the ¥ half of the experiment.

In WDEAD, the suboptimal outcome rate in th¥ Ralf of the experiment (57%) remains
stuck at around the level which we found in the ME#eatment (or the D treatment from
Experiment 1). This confirms the ineffectivenesstttg warning nudge and, since subjects
sticking to the default tariffs will have receivadarge number of such repeated and insistent
warnings by then, provides further evidence forithplausibility of the claim that subjects
simply felt that the experimenter wanted them twoig the tariffs task. The use of the search

engine was also virtually indistinguishable (2096 that in the DEAD treatmefit.

Since the default tariff is the best tariff in BDBAand BDEA, it is not surprising but is
nevertheless reassuring that in these two treasrserjects tend to stick to the default tariff

more with time>°
7. Discussion
7.1 Institutional Setup

We began our introduction by noting that our gaedse to identify (1)whether, in markets

for services, consumers are likely to stick to désaand make suboptimal choices, )y
they do this and (3)/hat can be done about it. To explore these questwashose the U.K.
electricity and gas market as the stylized setup@m experiments, as this is a mature market
in which financial switching costs are already mial and search engines enable finding best
deals virtually at the click of a mouse. In thisise, it represents a good model to answer the

first question in a controlled laboratory envirommh@ which alternative explanations — such

8 Wilcoxon p = 0.27, 0.11, 0.05 and 0.04 for treatts&VDEAD, WDEA, BDEAD and BDEA respectively.

“9In the WDEA, BDEAD and BDEA treatments, the copasding numbers were 39%, 12% and 18%. Note
that subjects did an average of 120, 57, 159 antbdfiting tasks in the WDEAD, WDEA, BDEAD and BDEA
treatments (Mann-Whitney p = 0.04 for WDEAD vs. W®ENd 0.03 for BDEAD vs. BDEA); the proportion
of subjects that played the counting task at lease is greater in WDEAD than in WDEA (p = 0.01)dan
greater in BDEAD than in BDEA (p < 0.001). The dieibetween WDEAD and BDEAD on the one side and
WDEA and BDEA on the other broadly replicates Re8ul

0 Spearmarp (period, default choice rate) = 0.32 (p = 0.06) &n54 (p < 0.001) for BDEAD and BDEA
respectively.
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as financial switching costs or whether consumetsaly made the choice that is best for

them — can be ruled out.

We used stylized real world tariffs, or stylizediffa derived from real world tariffs, and we

varied the number of tariffs, their linear or namelr structure, and whether they are
bundled up or not, in ways that are realistic aridctv present issues for tariffs for other
services and countries, as is apparent for exafmue Joskow’s (2008) analysis of the US
consumer energy markets, Lunn's (2011) review fetedoms markets, European
Commission (2007) for European wide evidence orkibgnservices, or DG Sanco’s (2009)
study across a range of services across EuropedetsiaUndoubtedly, further research

based on other real world institutional setups wdd useful.
7.2 Are Outcomes Suboptimal?

The answer to our first question, emerging alrefndsn Experiment 1, is that a significant
fraction of consumers does tend to make suboptomaices, either because of sticking to a
default or because of switching to a suboptimaliaholn our paradigmatic DE treatment
where there is a default and a search engine bytome activity available, even with just 4
tariffs about 1/3 of the choices are suboptimaing to over a half when there are 24 tariffs
(Table 2). Note though that subjects stick to th&adlt in only around 15% of cases, which
does not seem to fit with real world stylized faetgarding the percentage of consumers not
switching (e.g, DECC, 2012). One key reason ofeddhce is that real world consumers may
simply not pay attention to saving money from shiitg energy supplier: their routine
activities in their everyday life are more promih€Fhere is not a point in time in the day, the
week, the month or even the year where, as a ewirbjects are required to pay attention to
the task of choosing energy supplier, as theraysvay a default energy supplier; there is no
equivalent of, say, the weekly major supermarketpping trip that a household may do
every Saturday morning in order not to run out @fd. Conversely, subjects come to the
laboratory with an expectation that they need tp gtgention and engage in a task (see Lei et
al., 2001) and it is no surprise that, given thailability of a search engine, they use it to get
to much better outcomes, as we would expect witl veorld consumers as well. The

guestion then becomes why, in the real world, comss do not use search engines in an
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equally effective way. Our intuition is that, besauconsumers do not pay attention, they
often do not get to the stage where they are fagdda search engine: the problem may be

made simple but this is not enough if it is simpbt in their minds.

Experiment 2 enabled us to capture more precisaitantion-to-the-task issues by adding
either a not prominent task (DEAI, DEA) or a proenh (DEAD) alternative task for
subjects to engage wnhile retaining the search engine. The prominence of the alternative
task is used as a tool to potentially induce imdib@, if much less than what can be expected
in the real world* We tested the alternative interpretation thatpfeminent alternative task
may make subjects believe that experimenters vis@mh thot to engage in the tariffs task. The
WDEAD treatment provides direct evidence againistititerpretation: this treatment differed
from DEAD in that subjects sticking to the defatalsk would be insistently and repeatedly
told that they could have made more money by cingosin alternative task, and so, if
anything, they should be led to believe that theguéd focus on the tariffs task. However,
even in the second half of the experiment - afaemptially 18+ such warnings -, there is no

noticeable difference in consumer performanceikelab the DEAD treatment (Result 1%).

In our DEAD treatment, as many as around 45% ofcelsostuck to the default, and even
with just 4 tariffs over half of the choices arébsptimal. This is closely connected to the
degree they pay attention to the alternative task ger Result 8), which fits with the
inattention interpretation of our manipulation. &ivthe presence of the search engine and

the unincentivized nature of the alternative tasis, is a surprising finding.
7.3 Why Are Outcomes Suboptimal?

We tackled the second question by aiming to idertie causal role of complexity and
inattention, as well as their combination, in exmlag suboptimal outcomes. We interpret

inattention as inattention to a task, as opposenhdtiention to some detail of a task. Of

*1 Given the experimental constraints, the instrunstioeed to be clear about the nature of the tae#fk and
this remains one of two possible tasks availableutgects. This, together with the natural biasxgferimental
subjects to do things, implies that what we hav@ss a lower bound to the type of real world iration

problem that we are trying to model in the labomato

2 Additional evidence against this interpretationgferred to in a footnote in section 5.2.1, whéese is also a
further discussion of the relationship betweendesign and experimenter demand effects using theegdual

distinction between purely cognitive and socialerkmenter demand effects presented by Zizzo (2010).
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course, complexity and inattention — even integateas inattention to a task - may be
connected concepts: an environment which is comigleone where subjects may be more
put off from bothering with cognitive effort. We wldl control for alternative explanations of
suboptimal outcomes — e.g., financial switchingt€@s uncertainty of prospects in switching

— by removing them from the laboratory environment.

In line with research emphasizing the potentiat@fisumer exploitation due to complexity
(e.g., DG Sanco, 2009, or Carlin, 2009), we foundhglexity effects involving product
bundling, whether the tariff is linear or non-limeand whether there are 4 or 24 tariffs.
However, by neglecting the role of inattention, tiede of complexity is overstated. The
effect of product bundling virtually disappears enpattention is a problem (Results 9, 14).
An effect of tariff complexity remains but is snallwhen inattention is a problem (Results
10, 15): e.g., moving from a mixed tariffs decisemvironment like that currently present in
UK energy markets to one with all simple tariffsa—greater simplification than may be
possible or indeed desirable once one considerpdtential costs that firms may incur by
having less tariffs — would only reduce the suboptioutcome rate by around 5% (DEAD
and WDEAD in Tables 3 and 4). The number of tamffect is the most robust in affecting
the choices of switchers, but might again requicemplexity reduction (to 4 tariffs) beyond
what may be realistic; furthermore, if a nudgeadéifremedy is introduced to deal with the
inattention problem, only a small effect remainggBt 17). Inattention is a problem because
it implies that many subjects stick to the defaahd this explains most of the suboptimal
outcomes in treatments with an inattention problemh as DEAD and WDEAD, with
default rates of the order of 40-45% and suboptismatching rates of just around 15-20%
(Tables 3 and 4). In essence, complexity mattarsebonomists and policy makers should
pay more attention to the role of inattenfiofor tasks that do not fit in the usual household

consumption routine¥.

%3 Chetty et al. (2009) have noted the connectioméen salience and attention in terms of featurestask in
an important paper on consumer responses to taxatio

> This last qualification is important. Our concluss apply to the use of services with a defauliazhand
which are not part of the regular routines of canets in terms of what they pay attention to. Buygngceries
at a (physical) supermarket would not qualify. Hiyduying a car would not qualify because, whilet part
of a usual routine, it does require an active ahdtbere is not a ‘default car’ which is boughtcaumétically

27



7.4 What Can be Done about Suboptimal Outcomes?

We can answer this question in terms of directot$fen consumer welfare. Obviously any
policy measure would also need to be looked aeims$ of its effects on competition. By
unpacking the psychological determinants of switghcosts, however, the experimental
methodology does allow to provide clear-cut message the potential effectiveness of
measures either tackling them or not. Furthermitve direction in which consumer welfare
in our experiment is clear, unlike survey studidsere, as per Coombs and Shaharudin’s
(2011) critique, it is not necessarily obvious Wiggtconsumers may be getting a good deal

after all.

A radical and traditional paternalistic way of amsing a large problem of consumer choice
failure, with its direct and indirect welfare lossés to remove the choice from the consumers
by having a regulated monopolist. This is argualnlg reason justifying the slowing down or
halting of liberalization in consumer energy masket USA (Joskow, 2008). This was not

the approach considered in this paper.

We are able to evaluate milder, if still traditiGnaaternalistic policy measures restricting the
number of tariffs, the linear vs. non-linear natofdariffs, and the bundling of tariffs. The
bundling of two tariffs together does not have metfiect. Restricting the number of tariffs
or forcing them to be linear improves consumer ooies. However, even restrictive
regulatory measures forcing tariffs to be linead anly four — with the potentially distorting
effects on competition that such restrictions mayeh— would still only help partially, as
consumers would need to pay attention to the choicariffs and many of them simply
would not. In this sense, the scope of Ofgem’s R2@itoposal to limit the number of tariffs
providedby each firm to 4 per fuel, meter and payment type, will beyaoifl partial help, as
the number of tariffs ithe market as a whole is likely to remain above our experimental
upper number of 24 tariffs. Equally, while onlineasch engines are useful and their use

should be encouraged by policy makers in marketeravlthey are not so common, their

unless an action is taken). The more active choézestaken, the more the potential role of compyeii
affecting consumer outcomes.
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usefulness is limited if consumers do not pay #terto the task and stick to the default as a

result.

Experiment 3 tested two nudge remedies to try ¢kleéathe inattention problem. The first
was a warning that there exists a better tariff nvaesuboptimal tariff is chosen, of the kind
that could be required of companies to put on the IbHlowever, we found no evidence of an
improvement in consumer outcomes as a result sfrihilge when inattention is a probl&m.
Undoubtedly the nature of the warning may matted future research needs to look at the
effect of differently framed warnings, e.g. prowvidi precise information on the amount of

money that could have been earned if the best tea$ chosen..

The second is a ‘smart nudge’ which automaticalbntifies the best tariff and uses this as
the default choice: rather than requiring consunberse attentive, it provides them with an
optimal default if they are inattentive, while léay consumers with the freedom to choose
an alternative tariff were they to so wish. Thisswaufficient to achieve optimal consumer
outcomes 86% of the timé%The idea of a nudge default for consumer tarifiline with

research on optimal defaults as developed in théegb of retirement plans, such as Choi et
al. (2003) and O’Neill (2007), and in our view cgtnike an appropriate compromise between
limited regulator knowledge and need to achieveebetonsumer outcomes. Again, future
research may be desirable, for example on theylilesponse of firms to the introduction of a

policy based on this.

The results of our experiment can inform practipalicy measures being proposed. For
example, in the context of the U.K. consumer enemgyket, Ofgem (2011) proposed two
types of tariffs, standard tariffs of which eaclmgany can have only three, and non-standard
tariffs, which are of unlimited number but with aotatic default to a standard tariff.

According to these proposals, Ofgem would determaisganding charge plus require firms to

%5 Cronqvist and Thaler (2004) discuss the Swedigiegance of encouraging active decisions for reténat
plans, a policy that backfired and was abandonglderight of suboptimal choices being made assalte

5 While giving the freedom to make suboptimal chei@® our environment may not seem to make sense, it
could be justified in a number of ways: (a) it al®a traditional paternalistic solution of forciognsumers to
make a choice; (b) it enables competition amongdipielfirms rather than creating a regulated morispdc)

real world consumers are heterogeneous in prefeseand may, e.g., care about non price dimensiageabf
world tariffs (e.g., ‘green’ energy based), andthiéy do, in a ‘smart nudge’ environment, they wiostill be
able to act on this preference from switching fritv® automatically determined default choice.
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fix a single unit price on top of it. While attenmg to tackle complexity, apart from
requiring Ofgem to set prices, there is a questiank on the effectiveness of these measures
as there would still be a large number of tariffis]uding complex tariffs, that subjects would
need to negotiate, and the defaulting to potemtiedpensive standard tariffs after a fixed
term would not be picked up by online search endiifgem’s (2012) more recent proposals
require all tariffs to be of the form of a standiclgarge and unit price (both determined by
firms), which would make them complex from our v@int though Ofgem thinks of them
as a simplification. However, even if we believadttthese measures would be successful in
tackling complexity issues, we would still expeignificant suboptimal consumer outcomes

as inattentive consumers stick to suboptimal defaul

A crucial issue from a policy viewpoint is theredoto consider how to raise consumer
attention or otherwise deal with consumer inattentDavid Cameron’s suggestion of giving
customers the cheapest tariff offered by each {iBBC, 2012) could be considered as a
‘smart nudge’ in the sense that it could be intetgnt as each company being required to give
their best tariff as default one to consumers. & geblem with it though is that it is not
clear what incentive it would give to firms to prde lower tariffs, and in this sense it would
risk soften the competition rather than makingoitigher (Waddams, 2012). Our ‘smart
nudge’ proposal is more radical and would rely loe ¢oncept of market’s cheapest deal that
is being developed by Ofgem (2012). While obviousigher research is needed to evaluate
its competitive effect and company costs that mapdssed on to consumers, it would create
a significant incentive for firms to undercut eaather insofar as this would enable them to

take business from competitors.
7.5 Methodological issues

It is worth concluding this section by taking stogkthree methodological issues that our
experiments raise. First, they presented differer@thods of identifying experimental

complexity and we saw that their effect is diffaremith bundling of two tariffs presenting

>’ Note that consumers would, of course, retain teedom to switch to a different tariff. While this
unequivocally suboptimal in our BDEA and BDED tmeants, it may not be so in the real world, where
consumers have a preference for e.g. green tariffs.
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very few problems. In evaluating models of compghexior identifying policy

recommendations, the devil may lie in the detawbét complexity is being affected.

Second, what we provide is a methodology to studtention in an experimental setup,
based on more or less prominent alternative tagikish in our view may be usefully applied
in entirely different settings where inattentiorcansidered a significant issue. For example,
one may argue that the first task that a charigdsg€o overcome in encouraging giving is to
make people pay attention to what it is abouthat,tin real effort experiments, one needs to

take into account the distractions that alternatagk (e.g., browsing the internet) may have.

Third, we do not focus in this paper on whethertterdion is rational in the sense that
bounded-rational agents would optimally choose lkocate effort in that way (e.g., Sims,
2003; Gabaix, 2011; Woodford, 20L%8)However, we note that subjects lost over 6 pounds
on average (equivalent to over 9 U.S. dollars) tigking to the default tariff, which is a
significant amount by the standard of the univgrstudents that made our sample.
Conversely, they knew they could not earn any mdray the alternative task, and, while in
the case of internet browsing (our control altaueatask) it is possible to argue that subjects
may do it as a pastime, this does not look equadysible with the counting task, which has
been used in experiments as a tool to measure @egntally costly real effort (e.g., Abeler
et al., 2011); nor do we find any significant diface in performance depending on the
nature of the alternative task (Result 6). It isdh@ avoid the conclusion that subjects should
have paid attention only to the tariffs task, githa sizeable incentives offered in that task
and that task only. The fact that the alternatasktstill induced more suboptimal choices in
the way it did at least suggests that the allonatibattention might noalways be optimal,
which reinforces the policy message of the neetbke inattention seriously. Obviously,

further research is needed.

8. Conclusions

%8 Cherumkin et al. (2011) try to fit Sims’ (2003Yicaal inattention model to a dataset on risky choiGoecke
et al. (2011) find that, the more expensive infdiorais, the less subjects collect it in a macroecnic
forecasting experiment.
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We found that, in markets for services and eventhi@ presence of a search engine,
consumers are likely to stick to defaults and aahiguboptimal outcomes. The experiment
aimed to unpack two key psychological reasons \iley o this — complexity (in terms of
non-linearity, number and bundling of tariffs) andnsumer inattention. By employing an
experimental methodology, we are in a position ooly to identify the causal role of
different psychological dimensions, but we are abte to test the effectiveness of policies
designed to improve consumer outcomes. Our expatinaad our tariffs, are inspired by
stylized features of UK electricity and gas markétst the lessons we draw are likely to be
more general, as both underlying features (suchoaslinear tariffs and the presence of

defaults) and psychological mechanisms are obwausire general.

Task complexity matters. In our experiment, thisaigunction of product bundling, tariff
complexity and of number of tariffs. However, inetipresence of a default tariff and of
consumer inattention, markets are affected by largeunts of consumer inertia. Similarly,
providing a warning on the existence of a betteifftdoes not improve outcomes when
inattention is a problem, though further reseacinéeded to look at alternative warning
messages that one can provide. The reason whyingdoomplexity of the task solves the
consumer inertia problem only partially is becasisigjects do not pay enough attention to the

task in the first place and as a result just dticthe default.

A ‘smart nudge’ policy of automatically switchingefault tariffs was a pragmatic and
effective policy solution in our experiment to abté®etter consumer outcomes. This policy
solution is in the same spirit, but more radicarththe one suggested by David Cameron in
the context of the U.K. energy market, and, whilgHer research is needed, it is likely to
create a greater competitive pressure than ther ldtttautomatically changes default tariffs to
the optimal one in a given time period, and by dao it exploits inattention-based consumer
inertia to achieve better consumer outcomes wialvihg consumers free to choose an

alternative tariff if so they wish.
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Figure 1. Map of Experimental Treatments
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Figure 2. Suboptimal Outcome Rates in Experiment 1
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Figure 3. The Tariff Task in Treatment DE (screensbt)

Period 1 with 4 tariffs. There are 36 periods in total.

Remaining time 110

Your default tariff is:
GOOD A - Tier 1: 15.740;
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You will be asked to select how many units to buy in a follow up screen
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Figure 4. Alternative Counting Task in DEA, BDEA ard WDEA Treatments

Period 2 with 4 tariffs. There are 36 periods in tota
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Figure 5. Counting Task Screen in DEAD, BDEAD and VDEAD Treatments

Period 1 with 4 tariffs. There are 36 periods in total. Remaining time 113

Your default tariff is:
GOOD A - Tier 1: 16.325; Ceiling: 900; Tier 2: 15.982; GOOD B- Tier 1: 7.002; Ceiling: 670; Tier 2: 6.784;

Table: 1
How many 1s are in this table?

0 0 1 0

Submit the answer and move to the next table

Number of questions so far: 0
Number of correct answers: 0

‘Keep default tariff and go aheadl

‘ Choose among 4 tariffs task l
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Figure 6. Suboptimal Outcome Rates in Experiment 2

1.0

049

0.8

0.7

0.6

0.5

Percentage

0.4

0.3

0.2

0.1

0.0

DEAD

O Suboptimal switching rate
B Default rate

DEA
Treatments

DEAI

Figure 7. Suboptimal Outcome Rates in Experiment 3
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Table 1. Sample of Tariffs

Good A Good B
Tariff Standing Tier 1 Ceiling Tier 2 Standing Tier1 Ceiling Tier 2
charge charge
1 - 16.259 - - - - - -
2 - 19.467 728 8.432 - - - -
3 12.957 12.128 - - - - - -
4 - 13.398 - - 4516
5 - 19.992 900 12.19 5.878 670 5.521
6 13.23 12.338 - - 9.569 7.269
Table 2: Experiment 1 — Average Performance
Type of Market Complexity of Task Number of Tarifisrprask Overall
Treatment I\i:rg:t ME;LrIIi:t Al Simple AllComplex Mixed 4 tarifts 24 Tariffs
Panel a - Default Rates
DE 0.114 0.160 0.117 0.178 0.143 0.146 0.143 0.144
mDE 0.128 0.154 0.144 0.161 0.142 0.180 0.111 0.145
D 0.347 0.422 0.400 0.423 0.389 0.386 0.408 0.397
DF 0.155 0.166 0.157 0.207 0.153 0.161 0.163 0.162
F N/A N/A N/A N/A N/A N/A N/A N/A
Average  0.202 0.242 0.223 0.260 0.223 0.232 0.226 0.229
Panel b - Suboptimal Switching Rates
DE 0.275 0.297 0.167 0.339 0.308 0.185 0.394 0.290
mDE 0.281 0.338 0.217 0.306 0.347 0.204 0.433 0.319
D 0.237 0.263 0.153 0.337 0.259 0.151 0.358 0.254
DF 0.253 0.289 0.153 0.360 0.288 0.158 0.397 0.277
F 0.368 0.432 0.253 0.517 0.423 0.274 0.547 0.411
Average 0.283 0.324 0.189 0.372 0.325 0.194 0.426 0.310
Panel ¢ - Suboptimal Outcome Rates
DE 0.389 0.457 0.283 0.517 0.451 0.331 0.537 0.434
mDE 0.408 0.492 0.361 0.467 0.489 0.383 0.544 0.464
D 0.583 0.685 0.553 0.760 0.648 0.537 0.766 0.651
DF 0.408 0.455 0.310 0.567 0.440 0.319 0.560 0.439
F 0.368 0.432 0.253 0.517 0.423 0.274 0.547 0.411
Average  0.438 0.510 0.412 0.632 0.548 0.426 0.652 0.539

Panel d - First half and Second half
Default Choice Rates

First half Second Half

DE 0.204
mDE 0.180
D 0.432
DF 0.193
F 0.036

Average 0.212

0.085
0.111
0.361
0.131
0.028

0.152

Suboptimal Switching Rates

First half Second Half

0.306
0.300
0.249
0.293
0.398
0.310

0.274
0.337
0.260
0.261
0.360
0.297

SiirbalChoice Rates
Firsff hal Second Ha

0.509
0.480
0.681
0.487
0.433
0.522

0.359
0.448
0.621
0.392
0.388
0.449
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Table 3: Experiment 2 — Average Performance

Type of Market Complexity of Task Number of Tariffs per task Overall
Single Dual
Market  Market
Panel a - Default Rates

Treatment Al Simple AllComplex Mixed 4 tariffs 24 Tariffs

DEAD 0.462 0.456 0.447 0.473 0.457 0.438 0.478 0.458
DEA 0.262 0.298 0.267 0.313 0.284 0.274 0.298 0.286
DEAI 0.211 0.286 0.261 0.272 0.258 0.274 0.248 0.261
Average 0.327 0.356 0.335 0.365 0.345 0.337 0.356 0.346
Panel b - Suboptimal Switching Rates
DEAD 0.167 0.176 0.127 0.193 0.179 0.100 0.246 0.173
DEA 0.215 0.207 0.140 0.237 0.220 0.118 0.301 0.209
DEAI 0.236 0.239 0.133 0.272 0.256 0.154 0.322 0.238
Average 0.201 0.202 0.133 0.228 0.213 0.119 0.285 0.202
Panel ¢ - Suboptimal Outcome Rates
DEAD 0.628 0.632 0.573 0.667 0.636 0.538 0.723 0.631
DEA 0.477 0.505 0.407 0.550 0.504 0.392 0.599 0.496
DEAI 0.447 0.525 0.394 0.544 0.514 0.428 0.570 0.499
Average 0.528 0.558 0.468 0.594 0.557 0.456 0.640 0.548
Panel d - First halff and Second half
Default Choice Rates Suboptimal Switching Rates Suboptimal Choice Rates
First half Second Half First half Second Half Firsf hal Second Ha
DEAD 0.533 0.382 0.170 0.176 0.703 0.558
DEA 0.340 0.232 0.226 0.193 0.566 0.426
DEAI 0.289 0.233 0.283 0.193 0.572 0.426
Average 0.403 0.290 0.218 0.186 0.620 0.476
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Table 4: Experiment 3 — Average Performance

Type of Market Complexity of Task Number of Tarifisrgask Overall

Single Dual

Treatment
Market Market

Al Simple AllComplex Mixed 4 tarifts 24 Tariffs

Panel a - Default Rates

BDEAD 0.850 0.850 0.878 0.828 0.849 0.878 0.822 0.850
BDEA 0.861 0.888 0.900 0.872 0.875 0.880 0.878 0.879
WDEAD  0.367 0.414 0.433 0.439 0.379 0.400 0.396 0.398
WDEA 0.100 0.136 0.100 0.156 0.122 0.102 0.146 0.124
Average 0.544 0.572 0.578 0.574 0.556 0.565 0.561 0.563
Panel b - Suboptimal Switching Rates
BDEAD 0.150 0.150 0.122 0.172 0.151 0.122 0.178 0.150
BDEA 0.139 0.113 0.100 0.128 0.125 0.120 0.122 0.121
WDEAD 0.214 0.218 0.144 0.233 0.231 0.143 0.291 0.217
WDEA 0.172 0.207 0.150 0.256 0.192 0.106 0.285 0.195
Average 0.169 0.172 0.129 0.197 0.175 0.123 0.219 0.171
Panel ¢ - Suboptimal Outcome Rates
BDEAD 0.150 0.150 0.122 0.172 0.151 0.122 0.178 0.150
BDEA 0.139 0.113 0.100 0.128 0.125 0.120 0.122 0.121
WDEAD  0.581 0.632 0.578 0.672 0.610 0.543 0.687 0.615
WDEA 0.272 0.343 0.250 0.411 0.314 0.207 0.431 0.319
Average 0.285 0.309 0.263 0.346 0.300 0.248 0.355 0.301
Panel d - First haff and Second half
Default Choice Rates Suboptimal Switching Rates Suboptimal Choice Rates
First half Second Half First half Second Half Firsf hal Second Ha
BDEAD 0.833 0.867 0.167 0.133 0.167 0.133
BDEA 0.833 0.924 0.167 0.076 0.167 0.076
WDEAD  0.448 0.348 0.209 0.224 0.657 0.572
WDEA 0.180 0.069 0.226 0.165 0.406 0.233
Average 0.574 0.552 0.192 0.150 0.349 0.254
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